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Abstract
Internet has dtirred  the learning

development of new educational environments

equipped with rich resources. However,
students are often apt to get lost in such an
due to

environment its huge amount of

information. This research studies the
personalized navigation guidance problem in

web-based learning environments based on

smshao@mecu.edu.tw
integrating collaborative filtering and data
mining techniques. Historical browsing data is
analyzed using data mining techniques to
establish a recommendation model for similar
students in the future. The recommendation
models are investigated, and their efficiencies on
the recommendation are compared. Finaly,
some suggestions about future research are

discussed.

Keyword: web-based learning, personalized
navigation guide, collaborative filtering,

clustering, association mining
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