Mk AR E T

»B#H2L T

S A AN el - D 3

'

The Game Character Design and Implementation Using Particle
Swarm Optimization

5 2(Y.L.Hsu),' + & £ (C.C.Lin),* = ’F %%(C.T.Tsai),l
@TL 1 %i",i; %’L —'%; ,J‘E

191/"*“?

% 12 #+(J.S.Lee)?
o AR I A7 %

1 Dept. of Computer Science and Information Engineering, Tung Hai University

2 Dept. of Aeronautical Engineering, National Huwei Institute of Technology
Tel:(04)23590415 FAX: (04)23591567 E-mail: cttsai@mail.thu.edu.tw

F&

ThelEpiie FREEME 3 R B
),é.;y\“flﬁ—*ﬁﬁfp Ao o TRYEEN e 2 G mE
Loef- FRBAFE R o A2 S G LT 2
7 REFRITFER > F A fﬂfp'lsé :hl'»E}’ s
%3;51; —»é”fﬂ'&‘—g °Iﬂa/\§-’5f w?ﬁ“"g’%
B Ed AR R
B3RSV pond g R RO
%.’ l”ri P e B EFY LTS &
I Y
f’f-‘a zé‘gﬁ_J FalEEE RES E 4}3 B39 mh
i # °j"7 L F SIS S ?\?}:"‘L‘TT's E U
WEBR R L3 F s 4 72 FLR
Bl & L ohfiie TR RR L R4 2 P
SIeE T
MAE s B AT E - L b
T AR

~

N

<
S
~=h

!

C“’
_\‘% o

Abstract

Computer games have highly interactive
ability and can integrate various media. Playing
computer games has become people’s popular
entertainment. The paper proposes a game Al
engine that with learning ability. The fuzzy-state
machine with a machine learning technique is
used as behavioral mechanism. By using particle
swarm optimization with several fitness function
to dynamically adjust behavior weight has let
character with learning ability. The real world
game implementation has been applied to our
proposed method, such as QUAKE IlI bot and
troll game. Results have shown that the novel
mechanism can help Al designer design behav-
ioral rules of characters easier, and can let game
characters have in-game learning ability.

Keyword : particle swarm optimization, swarm
intelligence, behavioral animation, game Al
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