An Application of Capturing and Analysing Browsing Behavior
on the Web Advertising Using Fuzzy Inference
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ABSTRACT

Web Advertising is the most import
finance source to web site. Even though current
techniques and mechanisms of web advertising
are getting maturity, advertisers always doubt the
benefit of web advertising. The main reason is
that the advertisement dealer can not understand
the characters and preferences about user so that
they provide inappropriate advertisement
information to users. Therefore, this paper
proposes a mechanism that can analyze the
web-browsing behavior of user by using fuzzy
inference to capture the user's preference. On the
other hand, we also propose a recommended
architecture of personalized advertisement. This
architecture is based on web advertising
association mechanism and applies fuzzy
inference, learning user’'s profile, and
information filtering techniques to recommend
personalized advertisement information that
arives a one-to-one marketing and improves
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benefit of web advertising.
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