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Abstract

This study staris the attempts of providing a practical method of
recognizing Fetri net language using neural networks. It also
discusses the effect of error criteria. learning rate, learning reduction
rate, and number of the state neuron. The error rate of test is very
close to zero. This indicates that the trained neural network can learn
to recognizing simple Petri net language, and that it is feasible to use
neural nenvorks 1o recognize Petri net language.
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