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Abstract

For many applications in the area of image processing, image segmentation is an essential step, which
entails the division or separation of the image into regions of similar attribute such as gray level, color; texture, etc.
In this paper, a new algorithm based on Fuzzy C-means algorithm has been proposed for color image
segmentation. First, we design a novel transformation to transfer a RGB color image to a specific gray-level
image, and Fuzzy C-means algorithm is then employed to cluster each pixels of the image using the property of the
pixel and its neighbors. In addition, the proposed algorithm can automavically determine the number of regions for
a color image such that the segmented result is best. Experimental results that confirm the performance of the

method using three evaluation functions are also included
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Peppers
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